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ABSTRACT

Artificial Intelligence (Al) has transformed consumer interaction, evolving from automation
to emotionally attuned engagement. This systematic literature review synthesized 44 studies
to understand how Al facilitates consumer engagement through emotion regulation.
Following the PRISMA protocol, studies were retrieved from Google Scholar and Scopus and
evaluated using quality assessment criteria adapted from Tranfield et al. (2003) and Critical
Appraisal Skills Program CASP (2020). The findings reveal that Al techniques, such as
sentiment analysis, recommender systems, chatbots, and affective computing, enhance
engagement across multiple stages of the customer journey. However, most studies
conceptualize Al as a technological enabler rather than a psychological co-regulator of
consumer emotions. By integrating the Stimulus-Organism-Response (S-O-R) framework,
Gross’s (1998) emotional regulation theory and consumer engagement theory. This review
reframes Al as an active participant in emotion regulation. This study contributes to the
underlying mechanism by guiding organizations toward emotionally intelligent Al design.
Future research directions are proposed to strengthen theoretical integration, methodological
rigor, and ethical considerations in Al-driven consumer engagement.

Keywords:: Artificial Intelligence, Consumer engagement, Consumer Behaviour, Decision
Making, Emotional Regulation, E-commerce, Personalization.

INTRODUCTION:

Artificial intelligence (Al) has redefined consumer-brand
interactions, moving beyond automation to understanding
underlying emotions. As consumers increasingly engage
with intelligent systems, from chatbots to recommender
systems, Al no longer functions merely as a technological
tool but as a participant in the emotional and
psychological landscape of consumption (Israfilzade &
Sadili, 2024; Sheng et al., 2025)

Traditionally, Consumer engagement strategies were
grounded in customer relationship management (CRM)
systems, which integrated marketing strategies with
information technology to manage data, understand
customer behaviour, and enable customization (Ledro et
al., 2022), however, the introduction of AI has
revolutionized CRM by enhancing its core functions, such
as enabling targeted marketing campaigns, predicting
market trends, and improving customer support through
human-like chatbots ((Ledro et al., 2022); (Ledro et al.,
2025) while such systems optimize operational efficiency,
they often overlook the psychological dimensions of
engagement, presenting technology as a mere facilitator
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of information exchange rather than a co-regulator of
human emotions.

Emerging research suggests that Al can function as an
emotional co-regulator, as these systems are increasingly
being designed to perceive, interpret, and respond to
consumers’ affective states (Wen et al. 2022). Emerging
research suggests that Al can function as an emotional co-
regulator, as these systems are increasingly designed to
perceive, interpret, and respond to consumers’ affective
states. However, the existing literature largely focuses on
technological efficiency, personalization algorithms, and
adoption models, with limited empirical or systematic
understanding of the psychological mechanisms through
which Al enhances emotional connections and prolongs
consumer engagement

(Br Perangin-Angin et al., 2024;Davoodi et al., 2025;
Sharma et al., 2020). Addressing this gap requires the
integration of psychological theories that explain how
consumers experience and regulate their emotions during
Al-mediated interactions.

Advancing Gross ’s (1998) Emotional Regulation Theory,
this review conceptualizes Al as an active participant in
consumers emotional processes. This theory explains
how individuals influence their emotions, when they have
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them, and how they express them through five regulatory
strategies: situation selection, situation modification,
attentional deployment, cognitive change, and response
modulation. In Al-mediated contexts, these processes
occur as consumers interpret system cues such as
personalized recommendations or chatbot tone, with Al
technologies acting as emotional co-regulators that shape
users’ affective experiences through personalized and
empathic responses.

The integration of Emotional Regulation Theory bridges
the gap between marketing and psychology by offering a
deeper understanding of how Al fosters engagement not
only through operational value, but also through emotional
alignment and regulation. In addition, consumer
engagement theory (Brodie et al.,2011) situates emotional
regulation within the cognitive, affective, and behavioural
dimensions of engagement, whereas the stimulus-
organism-response (S-O-R) framework positions Al as
the stimulus, emotional regulation as the organismic
process, and engagement as the behavioural response.
Together, these perspectives provide a robust conceptual
foundation for examining Al as an emotionally intelligent
system that co-creates engagement through both affective
and cognitive processes.

Guided by the PRISMA framework, this systematic
review studied data from databases such as Google
Scholar and Scopus to explore how Al technologies align
with emotional regulation processes to enhance consumer
engagement. Specifically, this review aims to a)
understand the role of Artificial Intelligence in enhancing
consumer engagement in digital b) understand how
artificial intelligence affects emotional regulation
process, and c) identify potential research

gaps and propose future research directions. In doing so,
this study responds to the growing need for
psychologically grounded frameworks that explain how
technology-mediated =~ emotions  shape  consumer
behaviour in the Al age.

Methodology

The study followed the Preferred Reporting Items for
Systematic Reviews and Meta-Analysis (PRISMA) 2020
guidelines to ensure methodological transparency and
replicability (Moher et al.,2009; page et al.,2021). This
review aims to synthesize the existing literature exploring
the role of artificial intelligence (AI) in emotional
regulation and consumer engagement.

Search Strategy and Data Sources

A systematic search was conducted across two major
databases, Google Scholar and Scopus, to strengthen
methodological transparency and enhance the retrieval of
multidisciplinary research. The search covered studies
published between 2013 and 2015, using Boolean string
“Artificial Intelligence" OR "AI" OR "machine learning"
OR "deep learning") AND "emotion* regulat*" OR
"affective computing" OR '"sentiment analysis" OR
"emotion* AI" OR "emotion* adapt*" AND "consumer*
engag*" OR "customer engag*" OR "user engag*" OR
"customer experience" OR "customer interaction" AND
"B2C" OR "e-commerce" OR "online shopping.” For the
systematic review, only studies that were a) peer-

reviewed, b) published in English, and c) published
between 2013 and 2025 were included. Studies were
excluded if they (a) were conference papers, review
articles, commentaries, or editorials; (b) lacked full text
availability; and (c) focused solely on AI model
development without consumer engagement.

Study selection Process

The study identification and screening process followed
PRISMA 2020 guidelines to ensure methodological
transparency and replicability. A total of 18370 records
were identified across two databases Google Scholar and
Scopus. 2000 duplicate records were removed by the
reference manager and around 15000 records were
removed by the automation tool. A total of

188 records were retained for title and abstract screening,
and 144 studies were excluded based on the inclusion and
exclusion criteria
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Figure 1 Prisma 2020 flow diagram

Data extraction

Data extraction, as illustrated in figure 1(Page et al., 2021)
was guided by a structured tablel, figure 2, and figure 3.
The extraction framework included the following
parameters: aim, methodology, Theoretical Integration,
Transparency, Relevance, and quality. Each study was
systematically reviewed and coded against these
parameters to ensure consistency and comparability. The
assessment process involved a screening process, first by
title and abstract, followed by a full text-view review, to
retain only those studies that met the predefined inclusion
and exclusion criteria. This structured approach ensured
transparency and minimized subjectivity during the data
synthesis.

Quality assessment

To ensure methodological rigor, all 44 studies were
evaluated using criteria adapted from Tranfield et al.
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(2003) and the Critical Appraisal Skills Program
(CASP,2020). The studies were assessed across five
parameters: 1) clarity of research objectives,2)
methodological  rigor,3)  theoretical  grounding,4)
relevance to Al emotion engagement, and 5) reporting
transparency. Each study was rated on a 3point scale (high,
medium, or low). Of the 44 studies, 33 were rated as high,
10 as moderate, and 1 as low. No studies were excluded
after quality assessment, as all of them met the minimum
inclusion criteria.

The systematic review process yielded 44 studies that
provided theoretical and empirical insights into how Al
technologies facilitate emotional regulation and consumer
engagement. The following section presents a synthesis of
these studies and highlights emerging patterns and
research gaps.

Results

Table 1 Reviewed studies and its quality assessment on the basis of methodology, relevance and Theoretical integration

/Author Clarity of  [Methodology Theoretical Transparency Relevance Qual
aim Rigot integration ity
Tests Controlled  labBehavioral Detailed experimentalThe core focusHigh
. . fanchoring |experiment, datadecision theoryldesign across all threejon the
(Adomavici us hori .. datadecisi h d .. . h. . h
et al., 2013) effects ofcollection/anal  |and studies,  controllingbeahvioural
v recommen |ysis, use  offpsychological |variables andimpact and|
dation systemjstatistical model [anchoring providing demographicidesign
predictions on hypothesis data implications  of
consumer recommende 1
systems in
preferenes
e-commerce
(Alghamdi  etDesign lUses  advancedNLP, deepTwo amazon datasets,Accurate  dataHigh
al., 2025) ENLPPR-  jalgorithm: CBOW|learning method,jsample sizegdriven
ICFFO for featureELM, (25000;14000), sentiment
method toixtracltlon.,f ELM ) etaheuristic analysis for e
detect  andfor Classification, optimization commerce
Classify ICFFO for product reviews
. ._lhyperparamete 1
sentiment in 7 .
turning  detailed|
product .
ratings empirical
validation
showing
imetrics

(Alrefae et al.,
2024)

combination (TF-
IDF, POS,

IN-grams)

IABSA onManually createdEmploys \Acknowledges lack of|Critically High
Saudi dialectand annotatedfoundational |Arabic datasets;highlight  the
[product dataset (4000machine learningexplicitly detailsigap in Arabic
reviews  toreviews); testedalgorithm (SVM,manual annotation,sentiment
enhance four MachingNB) cross-reviewing analysis,
customer learning and NI pProcess, and featuredirectly aiming
experience [algorithm (SVM’technique (Poscombination to improve|
RF, NB, KNN) TF-IDF) cust(.)mer.
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(El-Ansari ~ &Personlize dA  proof-of  -Personalizatio nIDescribe local serverlmproving Medi
Beni-Hssane, |chatbot concept systemjtechnique, andhardware chatbot um
2023) enhanced compared INLP concept  [configuration and usedeffectiveness
iwith IVADER, NB, IAmazon twitterjand user|
sentiment |4 oy datasets satisfaction in e
analysis for e- commerce
fi
commerce [ o manceon through
customer IAmazon/twitte 1] sentiment
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language
imodel
(Asante et al.|Optimize lUsed PLS-SEMExplicitly Detailed demographicllnvestigate howHigh
2023) consumer  [for complexifounded on theprofile, translation andspecific Al
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recommen der
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automated
after sale
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(Ashish SureshDevelop deepDescribes Computationa [[Notes data privacyFocus onMedi
Awate, 2024) |learning imethodology linguistics, Aljchallenges, mentions|leveraging um
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(RAJU et al.Proposes Fejer kernelllntegrates fuzzyMentions externallmproving High
2024) optimized  (filtering,  fuzzyllogic, datasets (Amazon,sentiment
deep learningdictionary-based |metaheuristic ~ [Customer  Reviews,janalysis
model forifeature extractionjoptimization, andKaggle); lists  Fl-accuracy to
sentiment seahorse BERT deepjscore, accuracy,jenhance
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customer and BERT customer
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performan cematrix consumer characteristic s
of user-basedfactorization forbehaviour in e-commerce
collaborati veCF and TF-IDFconcepts
filtering (CF)for content -based(expertise)
Ivs  content-analysis;
based systemsdocumented
lhyperparamete 1
tuning (RMSE);
utilized a
controlled
behavioural
experiment
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IForest IRandom Forest;
classifier partitioned
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dations  onutilized largepersonalizatio 1| relationship and
trust sample through  social loyalty in e
satisfactio n- presence theory commerce
loyalty
relationshi
p in Al
driven e-
commerce
(He etal., 2022)Develop Detailed Grounded inDetails source amazon/Provides Medi

fusion imethodology established reviews, number offactionable um
sentiment including  Fasttechniques likeicollected reviews andinsights for]
analysis Text wordSVM, LDA, andspecific portioning forproduct
combining  |[embedding, PCA; focuses ontraining/ testing improvement
textual dimensionality  |overcoming and marketing]
analysis andreduction usinglimitations  of] strategy
imachine IPCA, sentimentdictionary/ma optimization in|
learning  toclassification chine  learning e-commerce
mine onlineusing SVM, andmethod based on
product topic  extraction| sentiment data
experience  |using LDA;

engineered novel

dictionary
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text vector
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2024) advanced Extra Trees,modelling, collection processLeturn
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correlation toimbalance using response in e
predict SMOTE; commerce
returning documented
visitors feature selection
via Mean
decrease
in impurity
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(Khrais, 2020) [Lay Systematic Defines opaqueDetails data sources;Strategic role offHigh
foundation forapproach  usinglinterpretable, andNIPS and CognitivelAl and XAI in
universal corpus analysis,comprehensib leScience Societyle-commerce and
definition ofword cloudsystems;  linkspublication fromiconsumer
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strategic valuesynthesis oflengagement legal privacy issues,utilizing
creation literature andtheory, Bigdatajand technical skills  |pigdata/analy
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publication
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consumer analysis technology,he towards Al
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chatbots in e-correlation, dimension commerce
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For a comprehensive assessment of publication patterns,
figure 2 illustrates that the International Journal of
Advanced Computer Science and Applications, IEEE
Access and Journal of Retailing and Consumer Services,
and electronic commerce research are the primary journals
publishing research papers on artificial intelligence (Al)
and consumer engagement. This concentration suggests
that the topic is attracting growing attention from both
interdisciplinary and applied marketing domains. The rise
of publication from 2018 onwards and the concentration
of number of dots in the 2024 as illustrated in Figure 3
reflects, the maximum number of publications in the year
and the advancement of deep learning and affective
computing. In addition, there has been a broader
conceptual shift from transactional customer relationship
management (CRM) to emotionally intelligent consumer
engagement, which is reflected in the use of sentiment
analysis and affecting computing tools.

A total of 44 studies were reviewed after applying
inclusion and exclusion criteria. These studies collectively
examine the intersection of artificial intelligence (Al),
emotional regulation, and consumer engagement across
multiple contexts within the digital environment. Each
study was assessed for clarity of aim, methodological
rigour, theoretical integration, transparency, relevance,
and overall quality (high, medium, or low). Most of the
studies were

rated as high for theirs strong methodology and relevance
while few of the studies were rated as medium few of them
as low. From the table 5 major themes were derived -

Theme 1: Al based sentiment analysis and consumer
insights

Studies on this theme explore how Al and NLP techniques
(for example, BERT, LSTM, and TF-IDF) were used to
analyse consumer sentiment from online reviews and
enhance the understanding of customer satisfaction and
preferences.

Methodological strengths

High quality studies (e.g., Alghamdi et al., 2025;Filahi et
al., 2025; Davoodi et al, 2025)demonstrated
methodological rigor by employing large datasets,
advanced models, and transparent validation metrics

Theoretical integration

Most studies adopted computational approaches with
limited behavioural or emotional regulation framework,
highlighting a theoretical gap between affective science
and machine learning applications

Key outcomes and contributions

Findings confirm that AI driven sentiment models
enhance accuracy in predicting consumer engagement and
decision making, but lack insight into underlying
emotional regulation mechanism.

Theme 2: Al driven personalization and recommendation
Systems

Studies under this theme explored Al recommender
systems and hybrid models (CF, NCF, BERT- based,
GNN) (Truong, 2025;Chen et al., 2024;Venu Gopalachari
etal., 2023).

Methodological rigor

Grounded in decision making theories and personalization
logic but rarely in psychological frameworks

Key Outcome

Improved recommendation accuracy, enhanced user
satisfaction, but limited exploration of consumer emotion
regulation

Quality summary: Majority rated high quality; strong in
transparency and experiential rigor Theme 3: Emotional
Regulation and consumer engagement

Studies under this theme have examined emotional
intelligence, empathy, or affective computing in Al
interactions(Perez-Vega et al., 2021).

Theoretical grounding: Explicit use of Stimulus
Organism and Response (S-O-R), emotional intelligence,
or empathy frameworks (e.g., Liu-Thompkins et al., 2022)

Results: Emotional cues embedded in Al enhanced
consumer satisfaction, trust, and engagement.

Gap: Gross’s emotional regulation strategies can be
operationalized in Al consumer interaction studies

Quality summary: Mostly high; experimental designs
strong in validity

Theme 4: Conversational Agents and chatbots in
Consumer Experience

Al chatbots have been used for customer service,
engagement, and real-time feedback (El-Ansari & Beni-
Hssane, 2023;Sidaoui et al., 2020).

Methodological patterns: Experiments, proof of concept
systems, qualitative interviews.

Key findings: chatbots influence satisfaction, trust and
emotional engagement, especially when personalization
and empathy are embedded.

Theoretical integration: uses flow theory, Uses
&Gratification, S-O-R frameworks; some conceptual gaps
persist in emotion measurement.

Quality summary: Mixed (high in experiments, medium in
conceptual, or qualitative studies).

Theme 5: Cross-domain, Explainability, Ethical
Perspectives

Conceptual frameworks on Al explainability, transparency,
and ethical Al for engagement (e.g., Kunz etal., 2017;Chen
et al., 2024;Khrais, 2020)
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Theoretical contribution: Defines constructs, such as
transparency, interpretability, and trust. Relevance:
Provides groundwork for integration emotional regulation
and Al explainability in future empirical designs

Quality: often rated low to medium in quality due to lack
of data validation

Al  techniques have advanced methodological
sophistication, allowing precise consumer modelling and
prediction analytics. However, the integration of
psychological constructs (such as emotions) remains
minimal. Although, there are studies (studies) that have
revealed the use of emotional cues embedded in Al
enhancing consumer satisfaction, engagement and trust
but the operationalization of emotional regulation
strategies in Al consumer studies still a gap that needs to
be addressed.

DISCUSSION

Building upon the thematic synthesis of 44 studies, this
discussion interprets how Al-driven mechanisms, such as
sentiment analysis, recommendation systems, and
conversational agents, contribute to emotional regulation.
The discussion integrates the findings across themes to
develop theoretical, methodological, and practical
insights

Theme 1: Sentiment Analysis and Consumer Insights

Studies in this theme demonstrate methodological
maturity in analyzing consumer sentiment through Al
(e.g., BERT, LSTM) but lack psychological
interpretation. This supports the need to integrate Gross’s
(1998) emotional regulation model-understanding how
Al-driven sentiment analysis does not just detect emotions
but can also facilitate attentional deployment or cognitive
reappraisal during online experience.

Theme 2: Personalization and Recommendation Systems

High-quality studies in this cluster show how Al-driven
personalization enhances satisfaction and decision
quality, aligning with the stimulus-organism-response
paradigm. Al functions as a “stimulus” that shapes
the consumer’s internal states (organism) via
adaptive

recommendations, evoking cognitive and affective
engagement. However, few studies have examined
emotional regulation mechanisms, such as attentional
control or situation modification, leaving a gap for future
psychological integration.

Theme3: Emotional Regulation and Consumer
Engagement

A subset of studies addressing empathy and emotional
intelligence bridges the Al and consumer psychology. They
showed that affective cues embedded in Al enhance trust,
perceived humanness, and sustained interaction-
confirming Gross’s emotion regulation process in real-
time digital contexts. These findings empirically support
the theoretical argument that Al acts as a co-regulator of
consumer emotions and reinforces engagement.

Theme4: Conversational Agents and chatbots

Chatbot-based  studies validated how  empathic
communication enhances engagement, satisfaction, and
trust. This aligns with the consumer engagement theory
(Brodie et al., 2011), where emotional resonance deepens
cognitive and behavioral participation. However,
qualitative studies have emphasized emotional resonance,
while quantitative studies still lack validated emotion
regulation measures — a methodological gap.

Theme 5: Explainability, Ethics, and Trust

Conceptual papers have highlighted transparency and
explainability as emerging themes of emotional
engagement. They show that when Al explains its
decisions, it fosters trust, an affective state tied to the
regulation of uncertainty. The link between explainability
and emotional well-being remains underexplored,
highlighting the future direction for emotionally
responsible Al

These findings collectively highlight how Al acts as both
a stimulus (S-O-R model) and co-regulator (Gross, 1998)
of consumer emotions, shaping affective, cognitive, and
behavioral engagement responses

Traditionally, the integration of marketing and
information technology integration occurred through
Customer Relationship Management (CRM) systems
designed to strengthen long-term relationship with the key
customer segments. These systems are primarily
operational-optimizing transactions, automating,
communication, and enhancing efficiency (Ledro et al.,
2022). However, the emergence of Al has redefined CRM
into a more adaptive data-driven system capable of
understanding and responding to consumer emotions in
real time (Ledro et al., 2022). From the perspective of the
stimulus-organism-  response  (S-O-R)  framework
((Mehrabian & Russell, 1974); (Eroglu et al., 2001), such
Al mediated interactions serve as stimuli that evoke
affective and cognitive responses within the consumer’s
internal state (the organism). Personalized
recommendations, empathic chatbot replies, and
sentiment-aware feedback act as environmental cues that
trigger consumer appraisal, attention, and emotional
arousal.

The Emotional Regulation Model provides a
complementary lens to understand the psychological
mechanisms underlying these responses (Gross, 1998,
2015). Acting as a stimulus, Al can facilitate situation
modification (altering the digital environment to reduce
negative effects) and attentional deployment (guiding the
focus toward positive or relevant cues). Through
Cognitive  reappraisal, ~ Al-driven  personalization
reinterprets product or brand value, reshaping consumers’
emotional states and decision-making.

Hence, Al functions not only as a technological tool but
also as a co-regulator of consumers’ affective experience.
It actively participates in the emotional regulation
process-identifying,  reinforcing, and modulating
consumer emotions through adaptive feedback and
empathic design. This synthesis aligns with the thematic
findings of the review, in which high-quality studies on
chatbots and personalization systems demonstrated the
ability of Al to perceive and influence affective responses
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The integration of these theoretical perspectives reframes
Al as an active participant in consumers’ emotion-
regulation processes. This interpretation deepens our
understanding of consumer engagement, suggesting that
consumer engagement in the digital environment depends
not only on technological functionality but also on the
emotional intelligence embedded within Al systems.

Overall, the systematic review achieved its primary
objectives by offering a theoretically grounded
understanding of how Al technologies facilitate emotional
regulation and enhance consumer engagement while
identifying the conceptual and methodological directions
necessary for advancing this interdisciplinary field.

Theoretical implication

Thisreview uncovers how artificial intelligence (Al) aligns
with emotion regulation processes, thereby influencing
consumer engagement. This extends the existing
theoretical framework in several ways.

First, it extends the Stimulus-Organism-Response (S-O-
R) framework by introducing emotion regulation as the
missing psychological mechanism that explains how
consumers cognitively and emotionally respond to Al
stimuli. Second, it reframes consumer engagement not
merely as a behavioral outcome, but as a psychological
response to Al-mediated emotional regulation. Third, it
challenges the technological bias of traditional customer
relationship management (CRM) and technology
adoption models (Davis, 1989; Venkatesh & Davis, 2000)
by incorporating an emotional dimension, thereby
bridging marketing technology with psychological theory.
Collectively, this review integrates technological emotion
and consumer psychology, offering a more holistic
understanding of how emotionally intelligent Al systems
shape consumer engagement.

Furthermore, the study contributes conceptually by
presenting an integrated framework that links (Gross,
1998) the Emotional Regulation Model, the S-O-R
paradigm, and Consumer Engagement Theory, providing
a new interpretative lens for studying Al-mediated
interaction. Managerial contribution

Managers and practitioners can leverage these insights to
design emotionally attuned Al systems that perceive and
respond to consumers’ affective cues, thus enhancing trust,
empathy, and sustained interactions. Integration emotional
regulation processes into Al-driven CRM can help
organizations not only improve engagement metrics but
also build deeper, long-term relationships with
consumers.

The beneficiaries of this work include AI developers,
marketing strategists, and CRM practitioners, who can
utilize these insights to move beyond surface-level
emotional  responsiveness toward  psychologically
informed engagement design. While current Al systems
stimulate empathy through sentiment analysis or adaptive
messaging, this review highlights the need to understand
the underlying psychological mechanisms, specifically
how AI co-regulates consumer emotions and sustains
engagement. For marketers, effective Al implementation
should not only rely on data-driven personalization but
should also align with emotional regulation processes,

such as attentional focus and cognitive reframing, which
shape consumer affect and trust. Organizations can design
Al interfaces that are not merely reactive but emotionally
intelligent, fostering well-being, satisfaction, and long-
term loyalty.

Future research Directions

Advancing Psychological Theory — Theories like Self-
determination theory (SDT) (Deci & Ryan, 1985)
Appraisal theory of Emotions (Lazarus, 1991) Cognitive
Dissonance Theory (Festinger, 1957) Theory of Planned
Behaviour (Ajzen,1991), Elaboration Likelihood Model
(Petty & Cacioppo, 1986) Social Exchange theory (Blau,
1964) flow theory (Csikszentmihalyi,

1990) Uses and Gratification Theory (Katz et al., 1973),
Broaden and Build Theory of positive emotions
(Fredrickson, 2001)

Strengthening Methodological Approaches

The reviewed studies were predominantly descriptive or
conceptual, with limited empirical validation of emotional
or psychological mechanisms. Future research should
employ a mixed method approach and an experimental
method to test the causal relationships between Al
features  (e.g., empathy cues, personalization,
conversational tone) and emotional regulation outcomes.
The integration of affective computing, machine learning,
and psychological measures (e.g., trust, satisfaction, and
loyalty) can provide deeper insights into human—Al
emotional  interactions. = Combining  quantitative
behavioural data with qualitative insights from user
experience studies will enhance methodological rigor.

Ethical and well-being consideration

As Al becomes increasingly capable of reading and
influencing emotions, future research should evaluate the
ethical boundaries of emotional engagement. Studies
should explore how an Al’s emotional attunement affects
consumer autonomy, trust, and psychological well-being,
addressing concerns about manipulation, privacy, and
algorithmic bias. Developing frameworks for responsible
emotional Al design can help ensure that emotion
regulation mechanisms enhance, rather than exploit,
consumer relationships.
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