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ABSTRACT

The shift from being a peripheral participant to a valuable participant in organizational strategies
due to the emergence of the synthetic intelligence (Al) era has produced several implications for
organizational placement. The reason for this study is to determine the implications of synthetic
intelligence on worker productivity and process satisfaction by examining 4 elements. Having a
look at this may be able to fill gaps in the existing literature regarding the topic of proximity.
Regarding the techniques used on these studies, the author used the quantitative pass-sectional
survey method, where he collected the fact use of surveys among 280 full-time employees within
12 companies that heavily use technological innovation of their activities, the Clothing industry,
manufacturing, industries. Partial least square structural equation modelling (PLS-SEM)
modified to used to examine the collected information. The findings show that each of the 4
factors had predictive talents explaining 61.3% and 57.Eight% of the variability in employee
productivity and activity enjoyment, respectively. Moreover, findings show that the models
developed are statistically significant. Some variables that showed widespread consequence
magnitudes in affecting workers’ productivity and job satisfaction are as follows: Human-Al
Collaboration (=0.36, p<null.001), AI Personalization (B=zero.33), Al Automation
(B=zero,31), and Al Decision Support (f=null.31). form the highest priority funding for
companies looking to decorate group of workers achievement and employee wellness within the
digital age. Practical pointers are provided for HR leaders to prioritize improvement of
collaborative and personalized Al equipment in virtual workplaces.

Keywords: Artificial Intelligence, Employee Productivity, Job Satisfaction, Digital
'Workplace, Human—AI Collaboration, PLS SEM 6

INTRODUCTION:

Al, once an abstract idea, is now an essential part of
painting techniques, painting decisions, and work
equipment. [1] pointed out that AI is creditable for
productivity in that it automates cognitive work.
However, [2] pointed out that the virtual administration
center is where the impact of Al on the painting life is
most significant. However, it is also evident that the
impact of Al on working life became disproportionate.
This is in line with [3] who pointed out that although Al
is responsible for the productivity in painting selection,
the impact of Al on working existence is disproportionate
for the worker team. Furthermore, [4] pointed out that Al
is chargeable for displacing certain forms of work. This is
in line with the reality that there is a duality in the painting
life, in that it is not the simplest productivity in painting
activity but also the displacement of labour. According to
[5], the most productive form of Al is in balancing tool
analysis with creativity. Therefore, this observation
sought to explore the existence of Al in paintings on four
dimensions. Look at changed to committed among 280
respondents from distinct areas.

Although there is a growing trend within the use of Al
within the workplace, previous studies are limited in the
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sense that they may be limited to at least one type of
application, end result, or record type. The purpose of the
current study is to fill the missing part of the
multiconstruct empirical version. What contemporaries
are looking at objectives to answer is: What are the most
impactful dimensions of workplace Al, and to what
quantity, in phrases of employee productivity and pride in
virtual workplaces?

The goal of the primary study is to analyze the impact of
automation of duties with the resources of Al on employee
productivity, the impact of personality and the
collaboration with AI on employee productivity, and
ultimately, which aspect of Al is the best for predicting
the two factors of employee productivity and job
productivity.

2.0 REVIEW OF LITERATURE AND
HYPOTHESES DEVELOPMENT

It is thus interesting to articulate that while Al is
transforming the character of the workplace, research has
been very pure in describing one component: Al is
uniquely used to help, no longer update, people. For
example, research has proven that Al has the ability to
automate a tremendous percentage of routine
responsibilities in the administrative center, freeing the
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employee to communicate in complex and creative

responsibilities. For example, [6] predicted that forty-five
to 60 percent of the current responsibilities within the
administrative center could be computerized, and in all
times the productivity of the last employee could increase.
However, in another study, [7] talked about that while the
above finding might be real in terms of macro
productivity, it is far wise to avoid the reality that a
massive percentage of business categories faced excessive
levels of automated advertising.

For example, [8] pointed out the existence of an
automation-augmentation paradox where Al systems,
while increasing productivity, simultaneously reduce the
levels of employee autonomy. Indeed, [4] confirmed the
lifestyle of the displacement effect, challenge to the way
in which the employee’s position is controlled. Al
powered selection tools add to this through supporting
humans make faster, better informed alternatives. [9]
confirmed that hybrid structures combining Al analysis
with human reasoning always outperformed both working
by myself. In HR specifically, [10] and [11] determined
measurable improvements in setting first-class and overall
performance comments, while [12] indicated that
employees spoke back somewhat better to Al tools they
skilled as supportive rather than supervisory.

The blessings of Al will be even greater if the system is
able to adapt to individual preferences. [13] found that the
use of personalized Al structures influences greater
autonomy, competence, and task pride, and [14] observed
that the use of customized Al-based mastery always has
implications in additional engagement and efficiency,
which can be direct signs of work performance.

In some of these distinctive dimensions, the not
uncommon result has been that miles are an end result of
collaboration between humans and Al. This has been
confirmed at a glance carried out using [5] where it
became apparent that companies that lay out their
procedures in a way that is optimized for complementarity
between humans and Al, where human knowledge of
judgment and creativity, and where Al focuses on the
absolute duties that humans perform in goal execution
loneliness. The study, which was done with the help of
[15] and also some other one, which was carried out by
[16], showed that not most effectively humans make
distinctions between sentences about engagement,
satisfaction and overall performance, however, they do it
at the same time and not simplify as a solution, but also as
a solution.

2.1 RESEARCH GAP

Although there are already massive studies of Al within
the place of business, this is the forefront of developing a
PLS SEM version that separates the impact of four
specific Al constructs on productivity and task
satisfaction. This have an eye on contributes to the body
of knowledge by growing an all-encompassing
explanatory framework that incorporates the TAM, JD R,
and AMO models in the context of a growing economy.

2.2 RESEARCH HYPOTHESES

HI1: AI enabled automation is positively associated with
employee productivity in digital workplace settings.

H2: AI driven decision support is positively associated
with employee productivity.

H3: Al based personalisation is positively associated with
employee job satisfaction.

H4: Human—Al collaboration is positively associated with
both employee productivity and job satisfaction.

3.0 RESEARCH METHODOLOGY
3.1 RESEARCH DESIGN

The quantitative, positivist, cross-sectional study design
was chosen to allow testing of the proposed hypotheses in
an objective manner. The use of the Positivist method in
quantitative research, which assumes that social truth can
be quantified, is most appropriate for use in research
where the reason for the study is to test current theories,
as opposed to developing new ones [18]. The move-
sectional technique is considered appropriate for the
purpose of exploring the associative links between the Al
constructs and the final outcome variables.

3.2 DATA COLLECTION AND SAMPLE

The participants included in the study were full-time
employees from organizations that had embraced the
adoption of artificial intelligence in at least one discipline
in their respective organizations. Purposeful sampling was
rewarded by selecting 12 institutions from 4 different
regions. Structured questionnaires are distributed for
seven weeks in January and February 2026 totalling 340
questionnaires. A total of 301 responses have been
received from the targeted respondents, of which only 280
are considered valid, resulting in an eighty-two.4 percent
response rate.

3.3 DATA ANALYSIS

In the first stage, IBM SPSS Statistics software (v26) is
used to check for missing values, outliers, and to generate
descriptive statistics and Cronbach's Alpha coefficients.
In the second step, Smart PLS (v3.3.Nine) became used
for PLS SEM estimation. PLS SEM analysis became
taken into consideration greater suitable than Covariance-
Based SEM estimation for this look at for the following
motives. The non-normality of the data, although small,
supports the PLS SEM estimation. The sample size of this
have a look at is suitable for PLS SEM analysis. The
version of this study, i.e., a twin model, supports variance-
based analysis. The observation examines four
independent variables, viz. Al active automation, Al
driven decision support, Al based personalization and
human AI collaboration, and their impact on two
established variables, viz. employee productivity and job
satisfaction.

4.0 RESULTS AND DISCUSSION
4.1 DESCRIPTIVE STATISTICS

As evidenced in Table 1, the measures of vital tendency
and dispersion are calculated for the complete pattern of
280 wvalid responses. All the construct methods were
above the midpoint of the Likert scale with three.0,
indicating that employees valued both place of business
Al systems and their personal productivity/pride without
hesitation. Employee productivity had the highest suggest
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and lowest preterred deviation, observed in detail with the

help of Job Satisfaction, showed effective perceptions of
their own performance. Of the 4 Al predictor constructs,
Al Enabled Automation had the best content, while Al

Based Personalization had the bottom, indicating that the
latter form of Al machine is given the impression that it is
the least effective.

Table 1: Descriptive Statistics for All Study Constructs (N =280)

Variable N Mean SD Min Max
Employee 280 3.84 0.62 1.00 5.00
Productivity

Job Satisfaction | 280 3.77 0.65 1.00 5.00
Al-Enabled 280 3.72 0.68 1.00 5.00
Automation

Al-Driven 280 3.66 0.71 1.00 5.00
Decision

Support

Al-Based 280 3.61 0.74 1.00 5.00
Personalisation

Human-AI 280 3.69 0.70 1.00 5.00
Collaboration

Note: All constructs measured on a five point Likert scale (1 = Strongly Disagree, 5 = Strongly Agree). SD = Standard
Deviation.

4.2 RELIABILITY ANALYSIS

Table 2 suggests Cronbach’s Alpha for all six constructs,
all of which are above 0.70, which is suggested with the

help of [19]. The highest value is in Employee
Productivity, at 0.89. This is due to the six smartphones
used to measure it. The lowest fee is in Human Al
collaboration, it is 0.80.

Table 2: Internal Consistency — Cronbach's Alpha by Construct

Construct No. of Items Cronbach's Alpha Status
Employee Productivity | 6 0.89 Acceptable
Job Satisfaction 5 0.86 Acceptable
Al-Enabled Automation | 5 0.84 Acceptable
Al-Driven Decision | 5 0.82 Acceptable
Support

Al-Based 5 0.81 Acceptable
Personalisation

Human—AlI 4 0.80 Acceptable
Collaboration

Note: Cronbach's Alpha values at or above 0.70 indicate acceptable internal consistency (Nunnally & Bernstein, 1994).

HYPOTHESIS TESTING: PLSSEM STRUCTURAL
PATH COEFFICIENTS

PLS SEM analysis was implemented based totally on
attention of five.000 bootstraps used in studying the
structural model develop. According to the findings, there

can be a high degree of explanatory ability in sentences of
measures as the 4 dimensions of Al explained sixty
one.3% variance of employee productivity (R2 =
zero.613) and fifty seven. Eight% variance of job
satisfaction (R2 = zero.52). The specific path analysis is
shown in Table three.
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Table 3: PLSSEM Structural Path Coefficients — Hypothesis Testing

Hypothesis Path B t-value

p-value Outcome

Hl: AI Enabled | 0.31 4.78
Automation —
Employee
Productivity

0.001 Supported

H2: Al Driven | 0.28 4.32
Decision  Support
— Employee
Productivity

0.002 Supported

H3: Al Based | 0.33 5.01
Personalisation —
Job Satisfaction

0.001 Supported

H4: Human—AI | 0.36 5.24
Collaboration —
EP & JS

0.001 Supported

Note: EP = Employee Productivity; JS = Job Satisfaction. Bootstrap resampling = 5,000 iterations. p < 0.01; p < 0.001.

All the research hypotheses have been supported. The
maximum contribution of path support was recorded with
Human Al Collaboration (B = 0.36, t = five.24, p <
zero.001), which proved to be the most important
dimension of Al within the correlation with both outcome
variables. Al Based Personalization was the second most
vital dimension of Al that drastically contributed to the
prediction of the final outcome variables (f = null.33, t =
five.01, p < null.001), with the most powerful effect on
Job Satisfaction. Al-enabled automation and Al-driven
decision support were the most critical Al dimensions that
definitely contributed to the prediction of employee
productivity.

4.3 INTERPRETATION OF RESULTS

The publication accounted for sixty-one. Three% of
variance in productivity and fifty seven. 8% in activity
enjoyment, which confirmed that Al truly affects the
employees through diverse wonderful channels. All 4
paths had been statistically large, confirming the proposed
AMOJDRTAM framework. The AMO version [19] is
directly applicable to the findings where these four
constructs are a combination of opportunities, motivation
and opportunity of an employee. All these dimensions
also served as task assets [20] that reduced workload and
facilitated goal promotion activities. These findings, in
mix, confirm the validity of the proposed framework for
Al adoption studies.

HumanAI Collaboration became the most powerful
predictor for each outcome, helping [5] illustrate that
challenge allocation strategies outperform displacement-
based automation. The employee who retained control
over judgment-intensive duties and had Al-controlled
subtasks maintained the manipulation that fuels
engagement and performance. In line with this, [22] found
that collaborative strategies where interruption barriers
are well described yielded additional sustainable increases

in overall performance. Al Based Personalization became
the next most powerful predictor of enjoyment, and each
[13] and, [11] attribute this to the greater autonomy and
job fulfilment created by responsive Al. [21] TAM
supports that devices that, in my view, are seen as useful
are those that hold positive judgments, thus maintaining
pleasure.

Similarly, Al Enabled Automation had a significant and
qualitative impact on productivity (f = 0.31), which is also
located in [6], as it relieved the cognitive load for higher-
level tasks. The result becomes barely higher than that of
Al Driven Decision Support (f = 0.28), suggesting that
relief from workload is currently more necessary to
improve productivity. [8] attribute this distinction to the
insufficient preparation of the personnel for the necessary
evaluation of decision guidance advice. Both effects point
to enhancing employees’ Al literacy therefore
maximizing the immediate and powerful organizational
process. This could likely boom path support for choice
guidance in several longitudinal studies.

5.0 CONCLUSION AND FUTURE RESEARCH

This paper sought to analyze the impact of four Al
constructs automation ( = null.31), selection guidance (3
= null.28), personalization (f = null.33) and human Al
collaboration (p = 0.36) on employee productivity and
job satisfaction of 280technology employees. All four
hypotheses received empirical guidance, and the proposed
structural model explained sixty-one.3% of the variance
in employee productivity and fifty-seven.8% of the
variance in activity enjoyment. The aggregation of human
Al collaboration dominated every effect and should be
prioritized in organizations looking for simultaneous
upgrades in overall performance and task satisfaction. The
proposed TAMJIDRAMO framework is an authentic and
effective approach to explain the phenomenon of Al in
organizations. Future research should explore the causal

Advances in Consumer Research

780



How tocite : Dr. K. Selvaraju , Sibiraj S, Janani K S, Sri Saai Sharan P, Lavanya.R, Ravisankar.S, Ranjani.R, Harikrishnan. R, Impact
Of Artificial Intelligence On Employee Productivity And Job Satisfaction: A Study In The Digital Workplace. Advances in Consumer

Research, 2026;3(4); 777-782 .
relationships and developmental boundaries of constructs

in individual settings and across years.

Future studies can scale up the research by using inclusive
employees from different industries and larger
geographical areas to increase the generalizability of the
findings. Longitudinal studies can also help in knowing
about the long-term impact of artificial intelligence on
workers’ productivity and job satisfaction. Further
research can explore additional factors along with
employee training, organizational subculture, and the
moral aspects of Al adoption. Comparative studies
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