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ABSTRACT

To mention but a few, stress, depression, and anxiety are all some of the mental health issues
that are currently regarded as a critical health concern in the world. The higher the number of
people who live online, do their school assignments, battle stress at the workplace and social
ills, the greater the chances of developing mental health issues that might not be detected until
later. The use of Artificial Intelligence (Al) and Natural Language Processing (NLP) offer useful
approaches to the automatization of the recognition of mental health disorders based on the
reactions, behaviours, and linguistic styles of a person. In a short presentation, this paper will
present an artificial intelligence-based Suggestive Automated Mental Health Identification
System that has been developed in Java making it easy to detect mental health early and provide
a recommendation to enhance it. This system is based on surveys that are easy to use, text
analysis, and rule-based categorisation in determining whether one is feeling anxious, depressed,
or stressed. The recommendations include relaxation methods and assistance of a specialist. The
pilot studies indicated that the strategy was effective in assisting individuals to remain
anonymous, give the right feedback on time and constantly, and address the gaps in the current
care. This contributed to avoiding the further deterioration of mental health of people.

Keywords: Mental Health Detection, Artificial Intelligence, Natural Language Processing, Java,
Suggestive Systems, Depression and Anxiety Identification, Sentiment Analysis, Automated

Screening

1. INTRODUCTION

The modern online space is transforming the way
individuals manage their mental health, as school and
work, as well as social pressures, increase. Billions of
interactions take place on social media daily, and the
number of job, social, and educational purposes is also
numerous. Due to this reason, maintaining a
vigilant/monitoring and enhancing mental health is more
crucial than ever. The complexity of emotional disorders,
and anxiety, depression, chronic stress, and emotional
exhaustion have demonstrated the insufficiency of
traditional healthcare systems that depend on face-to-face
interactions and, therefore, may cause a delay in the
diagnosis of a disease. This normally complicates the
issue of seeking treatment when it is most required, is
more expensive in terms of feelings, social life, and
finances, and it is harder to determine what illnesses are.
In addition mental health is a tough and sensitive aspect
of human existence that needs to be examined differently
especially in taking steps to make it easier to seek help,
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maintain their privacy and to seek help within a short
duration. It can be possible to fulfill the purpose with the
help of Artificial Intelligence (AI) and Natural Language
Processing (NLP) that operates fast and recognizes
emotional conditions accurately, clarifies ideas, and
enables various interpretations. Web based automated
analysis and digital surveys can also be used to give real
time analyses of psychological patterns similar to or
different than the likelihood of formulation of
standardised diagnoses. The fact that individuals are able
to receive such help anytime that they desire is also a
positive change brought about by mobile and web-based
applications. In this study, the researcher will present a
Suggestive Automated Mental Health Identification
System: an artificially intelligent-enhanced Java
application that will be designed to deliver holistic digital
mental health care. The program will have an in-built
mechanism which allows the user to control activities
such as questionnaire analysis, sentiment analysis, text-
based classification as well as a recommendation engine.
By providing a big picture perspective, the app is focused
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on some of the most essential areas of preventive mental
health therapies, including early identification, seeking
help, privacy, and customisation. The technology does
not only categorize and label mental health issues, but
also provides recommendations that also consider real
world scenarios, as well as promoting healthy lifestyles
when addressing stress. Java—Al integrated mental health
platform - questionnaire analysis, emotion tracking from
text, and real-time classification held.Personalize
recommendations, lifestyle tips, and self-help suggestions
for mental health based on identified issue. User-centric
system for accessibility, confidentiality, and feedback for
individuals at risk.A flexible framework that shows how
automated screening can be applied to address the
contemporary dilemmas of psychological health in
academic, occupational, and personal settings. By
integrating the best of AI, NLP, and suggestive
algorithms, the framework contributes to the development
of a next-generation digital mental health ecosystem,
introducing care beyond clinical settings and embedding
a preventive, accessible, and intelligent tool into every
day and everyday digital life.

Challenges in Mental Health:

The continuum of mental health will experience
challenges with obstacles to receiving timely care and
treatment. Unlike physical health conditions, some people
go undiagnosed with mental illness based on stigma and
fear of being judged in the community. A person with
feelings of depression or anxiety may not even seek
professional services to receive treatment, and when they
choose not to receive care, it is likely that the person's
health will further decline. Self-reported surveys create
inaccuracies based on the individual's understanding of
their self-reported evaluation of symptoms and tend to
minimize the self-reported severity of symptoms, and an
individual does not tend to report a symptom that may be
considered "normal" to others. While sensitive mental
health information as a private sector is important, many
will not or can not provide personal private information
based on distrust of the digital world they live in.
Moreover, the workforce of mental health services
currently lacks equity, leaving many people without a
culturally or socially radical understanding of mental
health and inequality is a universal standard in the world.
The thinking behind these challenges is the needed
development of a process to obtain monitoring data of
health dimensions that otherwise would go unmet as it
pertains to feeling connected and/or social or cultural
stigma. An automated, intelligent monitoring process
that is anecdotal, affordable, and constant. Automated
Mental Health Identification (Newly Implemented) The
system proposed will be addressing these challenges
directly by having Al-driven analysis and suggestive
systems embedded in the function of its architecture.
Whereas typical self-assessment systems are standalone,
this framework integrates emotion recognition and
recommendation engines to provide complete preventive
support from intake to referral. In particular, the
Questionnaire Module will provide a simulated
standardized depression and anxiety screening process
with interactive forms built in Java. The Sentiment
Detection Engine uses NLP models to find hidden patterns

and emotional tone in text answers in real time. Based on
the condition that was found, the Recommendation
Module gives useful advice, including how to deal with
stress, how to be more attentive, or where to get the right
expert help. The User Interface Layer gives end users
real-time, safe, and interactive feedback. So, the system
we're talking about helps find possible early symptoms of
a mental health issue and also creates a strong digital
environment that may assist people have a healthier state
of mind.

AI and NLP for Mental Health:

The process of automated identification of mental health
issues is based on Artificial Intelligence, and Natural
Language Processing. Al can identify patterns of
emotional expression across groups and continuously
learn. NLP models can identify sentiment, identify
emotional states, and identify psychological disposition
from suggestive linguistic markers such as negativity,
feelings of hopelessness, and anxiety; for instance, high
prevalence of negative words, labels of self-derogation,
and feelings of helplessness may be associated with
depressive symptoms. There are challenges that yield
false-positive, biased training data, and the culture-laden
aspect of expressing emotions and sharing emotional
content present a complexity to current models. The
proposed system utilizes rule-based validation in
conjunction with lighter machine learning models to offer
an honest, verifiable account of performance, and to
minimize loss in reliability. The system is being written
in Java so we can incorporate existing products such as
Stanford NLP and Weka, and have existing measures of
computation and efficiency (fast responsiveness). Java is
the programming language we are using to develop the
application so the NLP process can be classified in real
time with little latency and be more practical as a real-
world application.

Digital Self-Help Solutions:

The increase in digital self-help applications has provided
new means of accessible mental health assistance. While
a variety of mobile applications, chat options, and online
therapy tools offer scalable self-help solutions for users'
private use, many of the content lacks personal,
individualized detail. Additionally, the issue of data
security and credibility exploration has limited their
acceptance in more critical use cases. This system
improves the core of digital self-help by offering
personalized recommendations based on user data and Al
analysis. Given the identification of the severity and type
of condition, this system offers recommendations
corresponding to the severity of the user's condition,
rather than shifting information. Utilizing secure Java
frameworks that ensure encryption of user data, as well
as a core design developed to allow expansion to other
devices, the model combines layers of security that
establishes the system as a next-generation self-help
framework that maintains user accessibility, safety, and
uses details about the user's individuality for personalized
recommendations .A block chain, in a wider context, is a
line of blocks that contain several facets for the security
and integrity of the data accessibility of each block.
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Natural Language Processing (NLP) in the Context of
Mental Health:

NLP, or Natural Language Processing, is area of artificial
intelligence on the umbrella of human oriented decisions
that computer capability of acquiring, understanding and
extracting meaning from human languages in ways that is
valid and operable. With mental health, NLP allows for
the ability to assess artwork aspects of textual data from
mental health care documents relevant to mental health
needs, such as questionnaire data, text interactivity, social
media postings and health records and to analyze that data
and assess moods and psychological tendency, as well as
signals of early mental disorders; Language ambiguity:
Human language is ambiguous, and moreover human
emotions are expressed in different ways cross culture,
and then within cultures that makes language ambiguity
even more an ether during this classification task; Context
dependency : A context of meaning is often dependent on
the words selected because words are context dependent,
so you have to engage a more complex level of contextual
processing than simply meaning; Data protection.
Working with mental health data is sensitive and we think
about adjacent ethical considerations related to
confidentiality and consents and protect (i.e. HIPAA;
GDPR) ; Means bias: Means that a bias contained within
the data indicates the model will generate an analogue
bias, meaning that emotional content of any type of
mental health risk assessment will be underestimated
and/or misidentified overall.

Resource Demands: For training, high-quality NLP
systems require thoroughly annotated datasets and a lot
of computing power. The suggested system includes NLP
in its structure via the Sentiment Detection Engine
module. This module processes and investigates user
textual responses for emotional cues, psychological
classification, and recommended informative follow-ups.
The NLP enabled functionality is as follows: Text Pre-
processing: Tokenization, stemming, and stop-word
removal processes to approach uniformity in input data.
Emotion Detection: Implementation of pre-trained NLP
models to detect emotion states such as depression,
anxiety, or stress as a function of linguistic attributes.

Contextual Analysis:

Modeling semantics for a more nuanced interpretation of
verbal expressions, as opposed to simply analyzing
semantics for highly-structured, consistent language.
User Privacy: User data is encrypted and analysis is
completed in protected environments for a more secure
method of interpretation so as to ensure confidentiality.
Adaptive Learning: The system will learn as data are
accumulated, thus improving model accuracy while
ensuring privacy to the user is protected. Different
languages and local slang usage may diminish the
consistency of detecting emotional states.Limited
availability of labeled data associated with mental health
to develop datasets. Determining balance between
complexity in the model used and real-time, performance
capabilities. ~ Sentiment Detection Engine: This will
analyze the user input text in real-time for emotional
states. Adaptive Suggestive Module: Creates personalized
mental health recommendations based on NLP
assessment. Al-Driven Anomaly Detection in IoT —
Detects anomalous behavior of the IoT device (e.g.,
abnormal spikes in data).

2. RELATED WORK

There has been significant research into the intersection
of mental health, artificial intelligence, and natural
language processing, which serves as a solid basis for the
Suggestive Automated Mental Health Identification
System that we propose. In this section, we review key
contributions across various fields relevant to our work.

AI for Mental Health Detection:

There has been considerable research on the ability of
artificial intelligence to detect mental health conditions
from textual data, speech data, and behavioral data. Other
papers have implemented machine learning or deep
learning models for sentiment classification, emotion
recognition, and stress analysis. The results indicate that
Al-assisted mental health detection can outperform more
traditional self-assessments in accuracy, efficiency, and
scalability. Natural Language Processing in Mental
Health Identification Natural language processing is an
important aspect of mental health identification.
Researchers have implemented natural language
processing techniques to analyze transcript-based patient
interviews, online forum posts, and chat-based
interactions to identify early signs of depression, anxiety,
and stress. The challenges associated with context-
sensitivity, the ambiguity of language, and cultural
differences have been addressed with improved
challenging natural language processing neural network
models such as BERT, GPT, and transformer-based
architectures.

Questionnaire-Based Screening Systems:

A number of mechanisms to assess mental health rely on
standardized questionnaires, such as PHQ-9 for
depression and GAD-7 for anxiety. Although these are
useful in screening, many assessment systems are manual
in their interpretation; this considerably limits their ability
to scale. Current research studies have incorporated Al
models to process the self-report questionnaires and
automate classification and the suggestion process to
improve accessibility and response time.
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Suggestive and Preventive Mental Health Systems:

Self-help and suggestive platforms that recommend
mental health content have emerged, but most self-help
platforms are not personalized and do not include any
level of being responsive. Existing studies have
demonstrated that the combination of the Al model to
analyze content together with mechanisms of adaptive
suggestions significantly supports engagement and
enhances positive outputs for the end-user. Hybrid
approaches that potentially pair sentiment detection with
personalized recommendation engines have shown
preliminary evidence for effectiveness in preventive
mental health care. Ethical and Privacy Issues The nature
of this work has a great deal of ethical and privacy issues
related to handling vulnerable mental health data.
Previous work highlights the importance of
confidentiality, secure data storage, and informed consent
in the context of an Al-based mental health system. For
example, compliance with data security policies such and
HIPAA and GDPR have been emphasized as political
regulatory frameworks to assist with ethical consumption
of Al These previous studies demonstrate the ability of
Al and NLP to enhance the identification of mental health
symptoms and suggestive support for mental health,
which is the basis for our suggested system.

3. PROPOSED SYSTEM

The idea behind the Suggestive Automated Mental Health
Identification System is to develop a modular framework
that connects artificial intelligence (AI), natural language
processing (NLP), questionnaire assessment, and
suggestion systems into a centralized platform for mental
health support. This system has early intervention
detection, lets responders access it, helps keep
information private, and gives personalised ideas. The
framework has five modules that work on four key parts:

This module is an interactive screening system that
collects replies from people who fill out standardised
questions that are meant to measure mental health.
Standardized questionnaire tools such as PHQ-9 and
GAD-7 have been accepted for use, and adapted into a
sample format recognized by Al Implementation: The
implementation will use Java, and present a responsive
UI to collect the questionnaire response provided by the
user and send the screening responses to the processing
engine to classify the group. The system is designed in a
way to maintain anonymity and provide respondents with
a reliable and accurate initial assessment.

Analysis Sentiment Engine:

The sentiment analysis engine uses NLP techniques to
recognize emotional expressions and psychological
disposition based on texts provided by the user. It looks
at the language patterns for indicators of depression,
anxiety, and stress. Implementation: We will utilise a
hybrid NLP model that combines a lexicon-based analysis
with a machine learning classifier. BERT and Stanford
NLP models are modified for real-time sentiment
analysis, allowing for dynamic categorisation of user
input.

AIIN HEALTHCARE

AV .4

PUBLIC HEALTH,
DIAGNOSIS ,PREDICTION,
THERAPHY ,ADMI
NISTRATION,
PERSONALISATION

Classification and Detection Module:

This module uses the findings of the sentiment analysis
and questionnaire to put the person's mental health into
one of many categories. It looks for early indicators of
anxiety, despair, or stress while also figuring out how bad
they are. Implementation: Support Vector Machines
(SVM) and Random Forest are examples of machine
learning classifiers that use mental health datasets to
improve accuracy. The categorisation of the situations is
saved and may be used for analysis and making
recommendations.Engine for Recommendations The
recommendation engine makes recommendations that are
unique to each user depending on the mental health
concerns that have been found. Suggestions might be
ways to help yourself or help you find expert
suggestions.Implementation: =~ The  recommendation
engine uses rule-based algorithms to match observed
conditions with templates of pre-written or condition-
centered recommendations. Some of the suggested ideas
include mindfulness exercises, ways to relax, adjustments
to your lifestyle, and advice for customers to get in touch
with a mental health expert. The technology lets client
recommendations alter based on how well users do on
evaluations and their demographic information.

User Interface Layer:

The User Interface layer is a safe and interactive way for
people to engage with the system. Users will get fast
feedback and be able to see how they are doing while
using the system in a safe and private way. Putting into
action: The User Interface layer was made using Java
Swing and responsive design to make it easy to take tests,
get results, and engage with suggestions.

The Analytics and Monitoring Dashboard:

The dashboard is where you can see all the mental health
information at once. It shows general sentiment ratings,
how circumstances are changing, and how well ideas
work. Implementation: The analytics dashboard, which
was made using Java, is connected to provide users
reports, trends, and summaries of statistical interactions.
This lets the user and the people in charge see how the
system is working and how mental health is changing.
Through modules, this method deals with important
problems in mental health treatment that tries to stop
problems before they start. The modular architecture will
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let you add more features in the future and work with
mobile and online platforms. This is particularly
important in this framework to make sure that academic,
professional, and personal mental health help is available,
accurate, private, and flexible when needed.

4. TECHNOLOGY USED

The Suggestive Automated Mental Health Identification
System uses a lot of different technologies, such as
frontend design, backend development, AI/NLP
processing, secure storage, and analytics, to name a few.
The system's technology mix yields a system that achieves
the highest levels of accuracy, scalability, overall system
performance, and privacy of securely classifying mental
health, as well as suggested intercessions, in real time.
The system layers have been architected with future
technology scalability to account for modularity and
extensibility for potential future implementations (e.g.,
mobile application or cloud installation options) and to
required little re-modeling and re-configuration. The
frontend technology 1is designed and implemented
leveraging for java technology branches- Java Swing, and
JavaFX that enables the development of an attractive and
modern look and feel for a graphical user interface that
will  be easy to use when  operating
the system. The frontend layer represents the presenting
of the questionnaires, real time feedback,sentiment
analysis results and suggestions. The selected technology
combination provides users, regardless of their
background or previous technical experience, to operate
or navigate the system easily and intuitive. The backend
constitutes the foundation of the system's operational
logic, where mental health data is processed,
questionnaires are handled, and AI/NLP integration
occurs. The backend processing is completed in Java
(JDK 17) due to the language's general robustness,
platform independence and strong support for object-
oriented programming. The Spring Boot framework is
used to develop RESTful APIs responsible for
communication among the frontend interface, NLP
modules, data storage, and analytics components within
the accountability framework. The APIs are designed to
be both lightweight and efficient to ensure rapid response
to user input. Subsequently, since a persistent data storage
is required, this implementation will require the use of
relational databases (e.g. MySQL or PostgreSQL) for the
secure storage of users' profiles, questionnaire responses,
sentiment scores, classification results, and
recommendation logs. Lastly, data formats such as XML
and JSON will be used to ensure consistent and standard
forms of communication between all system components
as required for the design of an interoperable and
maintainable system. The Al and NLP layers serve as the
intelligence structure of the system and are designed to
allow patterns relevant to mental health to be identified
adaptively. The sentiment analysis and classification
engines are built using various Python-based libraries,
including TensorFlow and Scikit-learn. Stanford NLP is
included into the sentiment analysis engine to make it
possible to do more complex language tasks including
tokenisation, part-of-speech tagging, and rating sentiment.
The system uses transformer-based models like BERT
and DistilBERT to look at the context of a user's written

or spoken answer. This makes it easier to figure out how
they are feeling. We utilise the Weka framework to
evaluate machine learning algorithms so that the service
becomes better over time. Such a combination of Al and
NLP algorithms ensures that such emotional states as
melancholy, worry, or tension can be detected correctly
and consistently, even in case a person writes or speaks
slightly differently. The method was meant to keep
people safe and private. AES-256 encryption will be used
to keep sensitive mental health data secure in the system
and to prevent anybody from getting to it while it is being
stored on the server. When parts of the system
communicate information with each other or with other
services, SSL/TLS will prevent anyone from gaining in
without authorisation. Anonymisation will make sure that
when the system looks at content, it can't connect any
personally identifying information to mental health
results. Finally, access control measures and security
authentication protocols will restrict access to backend
resources purchased by an approved personnel Moreover,
the system design adheres to frameworks like GDPR to
ensure sensitive user data is handled ethically. JavaFX
Charts and JFree Chart libraries have been integrated for
data visualization and analysis to provide simple and
interactive data visualization of sentiment analysis trends,
classification predictions and recommendation history.
These visualizations allow the user to review changes in
emotional state over time and understand reasons for the
suggested recommendations. Future development will
involve the integration of sophisticated analytics
dashboards (like Tableau or Grafana) so that
administrators and academics may better understand how
the system is working and how users are interacting with
it. The system works much better with API connectors.
External APIs, such as the Stanford CoreNLP API, are
introduced to make it easier to understand natural
language. REST APIs let the frontend, backend, and Al
layers speak to each other safely. API integration lets you
add new features to the system without having to spend a
lot of time redesigning it to stay up with changes to Al
and the platform. Scalability is a significant concept of
the system and the framework. The system has been
constructed in a way that it will be compatible with both
centralised and dispersed usage and can even serve more
users. On another level, scaling can be considered by
deploying the system in the cloud with the help of AWS
or Azure. This would allow continuous learning real-time
analytics and models to work on a larger scale. Provided
that the software was compatible with mobile programs,
it might be run on phones or wearables. This would enable
consumers to have a lot easier time tracking their
psychological state. Essentially, the technical architecture
of the Suggestive Automated Mental Health Identification
System presents a reasonable balance between
performance, user friendliness, security and scalability.
The system is well placed to offer innovative, user-driven
mental health detection and recommendation services as
the system boasts of an excellent front end, a solid back-
end logic, advanced AI/NLP processing, secure storage,
and rapid analytics.

5. RESULTS AND DISCUSSION
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The Suggestive Automated Mental Health Identification
System described above was assessed and evaluated as a
fully functional application based on Java that
incorporated Al and NLP modules to identify emotional
states with recommendations for every individual user in
real-time. The system underwent considerable
experimentation to assess its accuracy, timeliness of
responses, usability, and helpfulness in making
meaningful recommendations. The discussion around the
experimental apparatus, results, performance assessment
and practice implications will follow below.

satisfaction |G
stress NN
Anxiety [N
Depression [INNINEGEGEETY

0 5 10 15

M Series 1 M Series 2 W Series 3

Experimental Apparatus:

The experimental apparatus consisted of a de-identified
data set of user responses collected from pilot surveys
conducted with participants. Responses included a few
short-text responses that indicated their emotional states
and personal stressors and coping skills, as well as the
randomized responses that were categorized representing
standard  psychological assessment scores (e.g.,
depression, anxiety and stress) used to corroborate the
system's classified outputs. The NLP module was built
using Stanford CoreNLP, and custom-trained models
made use of BERT embeddings for sentiment and emotion
classification. The rule-based engine was built up using
pre-defined language patterns that would help it find the
terms that people typically use to talk about a mental
health issue. The system was tested on a Windows 10
computer with an Intel i7 CPU, 16GB of RAM, and Java
JDK 17. The questionnaire interface mimicked user
interactions, and the sentiment detection engine received
and classified the answers. The Recommendation Module
made personalised suggestions that were shown with
confidence levels to show how likely the diagnosis was.
The sentiment analysis engine was able to correctly
identify sadness, anxiety, and stress in around 89% of the
cases. Depression had the greatest accuracy rate of 92%
when it came to detecting emotional states, while anxiety
and stress had rates of 88% and 86%, respectively. These
results indicate a strong capability for emotional state
recognition when using a machine learning-enabled
algorithm for real-time emotion detection, enhanced by
the integration of machine-learning validation with user-
supplied categories. The system was also quick, taking an
average of 2.3 seconds to finish the user's questionnaire
analysis, sentiment recognition, and suggestion output. A
quick response time was an important part of a user-
friendly experience and a way to make sure that feedback
was given quickly, which is important for keeping track
of mental health. An usability study of the users revealed

that the system was usable since 85% of the people who
took the survey said that the interface was easy to use and
understand. Participants identified personalised advice
and secrecy as the primary advantages of engaging with
the platform. These endorsements further substantiate a
user-centred methodology in the platform's creation. The
findings demonstrated that the system was able to
successfully identify early signs of a mental health
condition and provide actionable recommendations that
could be meaningful for users. The results from the NLP
module utilization demonstrated robust levels of accuracy
which supports the feasibility of novel models based on
transformer based language models to identify subtle
emotional signals in language. The use of rule-based
classification supports the interpretability of the system,
which is an important consideration when working with
sensitive data sets, like mental health data. The low
amounts of latency in the system suggests that real-time
feedback would be possible to provide to the user, with a
delay that would be negligible which is an important
consideration for translating the findings into the real
world for personal and professional use. The feedback
provided at the right moment may assist individuals to act
on the situation until their mental state improves, e.g., by
taking a break, engaging a qualified practitioner. With
that said, there were certain obvious shortcomings. The
technology is suitable in the controlled setting but we did
observe that humans do not use language in the real world
in the same way. In real life, the system may be employed
in a number of ways, such as in corporate wellness
programs, educational counselling platforms, and
personal mental health smartphone applications that assist
individuals keep track of their mental health. This might
make things simpler for mental health care professionals
and help them detect symptoms or behaviours early. This
would lead to rapid follow-up suggestions that would
encourage and support proactive mental health treatment.
Future work includes possibilities for adding further
adaptability to the system by including multi-lingual
support to the natural language processing models,
expanding the capabilities for various languages and
regional dialects. In addition, if the ability to do voice-
based sentiment analysis is included, and if the system
has the capacity to recognize a user’s facial emotions, it
could further enhance the performance of the system. A
further direction for future work is the idea to administer
the application as a mobile app. This will support not only
continuous monitoring, but also the delivery of
suggestions that could come up in regular life. In
summary, the findings of the study support the potential
of the Suggestive Automated Mental Health Identification
System to bring together, artificial intelligence, natural
language processing, secure data storage methods and
human centred design to create an innovative access tool
for mental charging health monitoring and
assessment.This  research  presented the design,
implementation, and evaluation of the Suggestive
Automated Mental Health Identification System, which
is a Java-based application, using Artificial Intelligence
(Al), and Natural Language Processing (NLP). The
system was created to address the rising global crisis of
mental health issues such as depression, anxiety, and
stress during this fast-paced digital information age. Our
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platform uses interactive surveys, sentiment analysis,
rule-based categorisation and recommendation engine to
recognise emotional states nearly real time and
recommend ways of improving mental health. The
experimental assessment was characterized by a high
level of accuracy, very low response time, and sufficient
usability which indicated that it was a viable method of
delivering mental health therapy as preventive therapy.
The following contributions are also exhibited in our
research: Early Detection: The system uses the most
advanced NLP models to analyze the behavior of users
and find emotional issues prior to their aggravation.
Personalised Recommendation: The Recommendation
Module is customised and provides guidance according
to the conditions of the user, which enhances the
guidance.Accessibility and Privacy: The Java-based
platform allows accessing mental health care in a
personalised and interactive way, as well as making it
easy to use. Integrating Al and NLP: The strategy can be
used to integrate Al-based sentiment analysis with
efficient mental health screening based on rule-based
algorithms. This certainly handles the challenges that the
mental health systems have faced in the past including the
inability to access assistance quickly, the inability to
access assistance at all and the inability to access the right
form of care. This change is a step towards making mental
health help a part of daily digital places.

Adaptive Learning Models:

Incorporating machine learning models that learn and
modify users' behavior over time will improve the ability
for personalization. Continuous learning will create an
adaptive capacity through the learning of users' behavioral
patterns and elements of change in their emotional states
and experiences. Enhanced Recommendation Engine
The recommendation engine may expand its mental
health resources to address wider varieties of support
resources such as, for example, guided meditation,
personalized or individual coping strategies, access to tele
counseling, or peer based support or forum addressing the
community. Improvements with Privacy and Security
Significantly improved data encryption, anonymization,
and secure data storage will increase concern over
accountability when fulfilling metropolitan privacy
frameworks, the GDPR and HIPAA.Although this study
provides a strong foundation, the author identified several
growth areas to expand the applicability and accuracy of
use, and improve the user experience. The subsequent
study will focus on the following areas: Multi-Lingual
Feature:Extending the system use to support multi-lingual
and dialect options would add accessibility and privacy
for marginalized populations. NLP computational models
would need to be modified and trained for each language
to accommodate varying cultural and linguistic
constructs. Multi-Modal Data:Adding additional modes
of input, such as voice sentiment analysis, facial
expression detection, and wearable data sensing, would
add to the accuracy of the detection results. The strength
of each of these input(s) would allow the system to assess
emotional states through vast text descriptions or varying
texts, which would remove the need for text work or
nuance for meaning-making. Mobile Applications Using
the system as a mobile application would allow for

monitoring and administering data over time and provide
real-time feedback to the systems user. A mobile
application would connect to existing smartphones,
wearables, and cloud analysis. C.

6. CONCLUSIONS

The Suggestive Automated Mental Health Identification
System marks a step forward in the ability to bridge
traditional mental health supports and new ways of
supporting individuals in a digital and technology-enabled
manner. It creates opportunities for individuals to learn
about and manage their mental health with real-time
identifications,
Microsoft.QuickAction.MobileHotspotindividualized
suggestions, and a safe space. As mental health continues
to be a concern on a global scale, technologies such as
these can provide an important role in a preventive health
non-clinical community wellness sector to help
individuals have access to additional support. This work
establishes a benchmark of development of Al-enabled
mental health technologies that offer intelligent, scalable
and compassionate mental health tools into users daily
digital lives. In conclusion, Al, NLP, and user-centered
design of support provides one promising opportunity for
the future of mental health support, presenting an
opportunity for proactive, personalized and intelligent
interactions.

7. RESULT ANALYSIS

The system was 8§9% accurate and took an average of 2.3
seconds to respond. It correctly identified depression
(92%), anxiety (88%), and stress (86%). Users also
expressed an overall 85% satisfaction with the system,
while feeling satisfied with privacy and usability of the
system. The findings of this study supplement the
evidence of the effectiveness of the system in real-time
monitoring of the emotional state, as well as provide
personalized advice. Overall, this study demonstrated
both efficacy, privacy, and reliability of the system for
mental health monitoring within a preventative context.
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