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KEYWORDS ABSTRACT

Al The embracement of Artificial Intelligence (AI) within the sphere of consumer culture is redefining
personalization, the manner in which people perceive, analyze and make decisions within the virtual world. The
consumer paper will analyze the interaction between ethics nudges, aspects of personalization that use Al, and
psychology, consumer choices on e-commerce and personalized online services. We base findings on a hybrid
ethical nudging, approach to behavioral data analytics, controlled online experiments, and user sentiment analytics
digital decision- of user interactions, to examine how algorithmic personalization functions on tendencies of
making, purchase intent, trust, and perceived autonomy. The experimental design involved 1,200 members
algorithmic of the three demographic clusters, urban millennium, mid-career professionals, and senior digital
transparency, adopters, who received different levels of intensities of personalization, ethically targeted nudges.
behavioral Findings show that hyper-personalized recommendations have achieved a 34 percent better
economics engagement rate and vice versa created an additional algorithmic transparency and data privacy

apprehension among the consumers. Setting ethical nudges in autonomy supportive language also
resulted in a large increase in decision satisfaction with no reduction in conversion measures. A
predictive decision making model that was constructed on the use of Gradient Boosting Machines
was able to show accuracy of about 87 percent of accurately predicting likelihood of purchase based
on personalization-nudge interaction variables. The results highlight the twin challenge that Al
systems should in equal measure maximize business performance and consumer agency, and
ethically designed principles. The study avails practical implications to marketers, designers of the
platforms, and policy makers aimed at striking the balance between personalization effectiveness
and ethical accountability of Al mediated markets.
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1. INTRODUCTION

In the past ten years, Artificial Intelligence (Al) became the most revolutionary tool in forming consumer relationships,
decision-making procedures, and buying patterns online. What started out as primitive recommendation engines on e-
commerce sites has led to more complex personalization systems that under most circumstances can not only tell us what a
consumer may purchase, but when and how likely they are to make that choice. These developments can be attributed to the
lightning speed of development of big data analytics, machine learning algorithms, and behavioral modeling frameworks
which combined can form a completely unprecedented understanding of the psychological drivers behind consumer
decisions. It has become the focus of strategic design of online marketplaces, subscription platform, and targeted advertising
campaigns where Al and consumer psychology converge. The concept of personalization has been largely accepted as an
engagement, loyalty and revenue accelerator. By examining their browsing history, clickstream, purchase histories and even
interactions on social media, Al can make personalized product suggestions, feed content and even attractive offers based on
what you would prefer. This personalization process actively employs the existing tenets of consumer psychology, including
selective attention, cognitive ease, and affective priming, to maximize how the options are presented. The commercial gains
of what is commonly referred to as such targeting are thoroughly discussed, but new research flags the issue of hyper-
personalization with respect to its ethical aspect. The hyper-personalized experiences can take advantage of cognitive biases
by constraining the exploration of other options and in extreme cases invalidate the consumers free will. A more relevant
notion is ethical nudging which refers to the planned arrangement of the choice environment architecture in the way that
makes consumers make specific decisions, but maintain the freedom of choice. Nudging, whose origin is in behavioral
economics, is a practice that has found a place in the context of digital commerce to attract socially or commerce-consistent
behaviours, i.e. choosing greener products or renewing subscriptions. When combined with Al personalization, nudges may
be flexibly adjusted to behavioral profiles thus being more effective. Nevertheless, such an adaptation of nudging is a
controversial issue in terms of its ethics. There is also a risk that Al-assisted nudges may get toxic and fall somewhere
between persuasive and coercive without clear governance. The conflict here is between the efficiency of the Al-enabled
interventions and the ethical duty to preserve agency of the consumers. The concept of digital decision-making that is
achieved in the Al-facilitated environment is fundamentally different than the conventional in-store purchasing. When it
comes to online environments, the consumer path is not linear, channel based, and potentially interrupted by real time
algorithmic interferences. The Al models may adjust the order or position of the products, change the presentation of prices
or choices sequentially in view of the behavioral states estimated on the fly. As a matter of cognitive judgment, this
continuous adjustment can bring down the decision fatigue and improve satisfaction of the user, yet it may also cause decision
distortion when the algorithms are associated with profit maximization instead of focusing on consumer welfare. Experiments
have consistently demonstrated that small changes to the interface (e.g., default preferences, color indicators, the presence
of urgency countdown) can substantively affect the click-through rate and completion of purchasing activity and can be
usually performed independently of the cognizant perception of a consumer. The modern research environment demonstrates
an increase in the number of followers of the exploration of the conjuncture between personalization, nudging, and ethical
design in digital trade. There are several empirical studies which have been able to record the commercial efficiency of the
personalization algorithms, whereas other studies have paid attention to the psychological processes that enforce consumer
trust, perceived fairness as well as satisfaction within Al-mediated environments. Nevertheless, to date, there is a significant
gap with regard to integrative research that studies such factors in conjunction with each other. Namely, currently, there is
little information about the interaction among the difference of personalization intensity and ethically defined nudges in
terms of the influence of the former on both immediate decisions and the long-term attitude of consumers towards chatbots.
To fill this gap, both investigational investigations and computational design in the field should be more multi-disciplinary,
encompassing computational modelling, behavioral experimentation, and ethical assessment. The integration of the systems
with frameworks of consumer psychology is capable of facilitating the design of recommendation and nudging strategies
that would not violate the autonomy of individuals but would also achieve business goals. Such a solution will be in line with
more recent proposals of what has come to be known as, responsibly Al, that is, developing intelligent systems that are not
only efficient and profitable, but transparent, fair, and aligned with societal values. We consider in our study, how Al-driven
personalization combined with ethical nudging approaches inform digital decision making. We address the subject of
behavioral data analytics, controlled online experiments, and sentiment analysis of the consumers feedback to explore the
results of varying and modulating configurations of personalization and nudging on consumer satisfaction with their decision,
trust in the platform, and actual purchase behavior. The strategies we adopt during our experimentation involve the
participation of a wide demographic range so we can record this kind of variance in the response pattern and using predictive
modeling methods to measure the extent to which the personalization or nudging variables make a difference in the decision
processes. The innovation of the current study will be in the fact that it will pay attention to the commercial performance
measures and ethical consumer experience indicators at the same time. As opposed to comparing personalization and nudging
effects on their own, we investigate the effect of a combination of the two and the possible trade-off between conversion
efficiency and ethical responsibility. These two areas of interest offer practical guidance to the design and marketing teams
and policymakers aimed at adapting to the changing environment of Al-mediated business. Finally, the results of the study
are supporting the academic community and implementation of Al in the settings related to consumers. They emphasize the
necessity to pursue a proportionate approach regarding personalization that takes into account the ethical protection to make

Advances in Consumer Research| Year: 2025 | Volume: 2 | Issue: 4

Page. 3217



Dr. V. Deepa, Prof. Sidharth Raja Halder, Dr. Balasaheb Kalhapure, Dr.
Swapnil Sonkamble, Dr. Chhaya Patel

sure that Al is used as a means to increase rather than threaten the autonomy and the satisfaction of consumers. Through that,
this study pushes further to the same agenda of harmonizing technological innovation with the concepts of consumer well-
being and digital ethics.

2. RELEATED WORKS

Artificial Intelligence (AI) combined with consumer psychology has become one of the key domains that arouse interest in
both the world of marketing science and human computer interaction research as these two phenomena can change how
people are personalized, ethically nudged, and how they make digital decisions. Early research assessing personalization
mainly involved investigation of static recommendation systems, based on the implementation of collaborative filtering and
demographic segmentation tending to give the user relevant suggestions [1]. Nevertheless, the recent spread of big data
analytics and the breakthroughs in deep learning have made possible the creation of adaptive algorithms that can give hyper-
personalized recommendations on a real-time basis. Such transition has been associated with substantial increases in
engagement and sales performance that have been evidenced by trials of e-commerce platforms on a large scale [2]. However,
researchers have warned that hyper-personalization should not be overused due to various dangers that it brings forward,
including getting stuck in filter bubbles, strengthening confirmation bias, and reduced awareness of product options [3]. Even
the idea of ethical nudging provision, which has its roots in the concept of choice architecture illustrated by Thaler and
Sunstein, has shifted toward Al environments, and the systems are now capable of personalizing nudges to the individual
patterns of behavior [4]. Some of the ways nudging may be introduced in digital markets include the use of default settings,
sense of urgency, openness of information, and social proofs, which have been established to have no significant impact on
limiting the freedom of choice, scientifically [5]. Nevertheless, the critics have highlighted that Al-driven nudging poses
novel ethical issues, especially since personalization of the nudges can be framed down to a level of weaponizing the mental
weaknesses [6]. The most recent review on behavioral economics in the digital age came to the conclusion that nudges have
a potential to enforce positive behaviors, yet they should be designed in such a way to ensure their transparency and adherence
to the principles of autonomy preservation, due to the threat of manipulation caused by nudges [7]. Personalization and trust
with Al systems are some of the Al research areas to undergo multiple studies. Trust accordingly has also been identified as
a decisive factor between consumers action relative to Al advice, especially in scenarios that deal with delicate information
like money or medical information [8]. There is research which shows that personalization accompanied by open
communication on the methods of generating personal recommendations yields greater boosts in terms of trust and adoption
[9]. On the other hand, opaque (also known as black box) algorithmic procedures may cause scepticism and decrease the
usage rate, even though recommendation quality is objectively high [10]. Such results indicate that algorithmic transparency
is relevant not just in relation to new Al ethics guidelines but rather, a practical management consideration. The combination
of personalization and ethical nudging in Al-mediated platforms has been discussed in the experimental contexts. As an
example, a controlled experiment in one video streaming service on a subscription basis showed that such nudges in
combination with personal recommendations (e.g., “You may like this owing to your watching style, no need to see other
genres”) boosted content diversity and satisfaction of the viewer [11]. Likewise, in sustainable product marketing, nudges
powered by Al and set within the paradigm of a green agenda were shown to induce a marked higher conversion rate without
perception of force as long as the consumers were aware the said nudge was conducted to continue the green agenda [12].
These experiments explain how business goals could be converted into ethical approaches towards consumers. According to
approaches in cognitive psychology, the decision-making of Al-affected settings is conditioned by a multilateral
collaboration of heuristics, emotional states and the desired control [13]. Research has indicated that although personalization
has been imperfectly positioned to decrease cognitive load by limiting the sets of possible options, over-limitation can have
unintentional effects of causing decision avoidances or regrets to occur post-purchase. The effects of ethical nudging can
help to alleviate those drawbacks by reframing the options in a manner that would strengthen consumer agency, though the
success of ethical nudging strategies would be contextual. An individual can moderate the effects of personalization-nudge
combinations regarding cultural background, previous contact with Al, and differences in decision-making approaches [14].
The literature that dwelt on digital marketing has also discussed the influence of personalization on generating long-term
loyalty in contrast to quick conversions. Although hyper-targeted offers and active pricing can generate the most bang per
buck, this is only helpful short-term, because it can destroy brand trust when it is perceived as inflexible or driven by
opportunism [15]. This is spot on Al systems where the level of recommendations or prices may be altered in real time on
the basis of the calculation of full willingness to pay. Use of ethical nudging can be used to counter such exploitative practices
through current practice but limited evidence can be provided on that approach as to how it can work in these systems.
Overall, the available research evidence suggests three important points that are relevant to this research: (1) Al-based
personalization as a method of influencing consumer choice is indeed a strong influence tool, but must be weighed with
counterbalances to ensure a variety of different choices, and avoid manipulation; (2) ethical nudging in digital settings is an
interesting strategy through which the commercial goals can be aligned with consumer well-being but the design of such
nudges and their deployment must be done with consideration of transparency and autonomy in mind; and, (3) there is a
conspicuous lack Its focus on filling this methodological gap using a hybrid approach to a methodological discussion
proposes that the study at hand will lead to the development of theoretical knowledge and practical suggestions regarding
the responsible use of Al in the psychology of consumers.
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3. METHODOLOGY
3.1 Research Design

This study adopts a mixed-method, experimental—analytical design incorporating online behavioral experiments, Al-driven
personalization modeling, and statistical analysis of user interaction data. The objective is to characterize the influence of
personalization intensity and ethical nudging strategies on digital decision-making outcomes, both quantitatively and
qualitatively. The integration of behavioral tracking, algorithmic prediction, and consumer sentiment analysis provides a
multi-dimensional perspective on the interaction between Al personalization and consumer psychology [16].

3.2 Study Context and Participant Groups
The research was conducted across three primary digital commerce environments:
1. E-commerce product recommendation platforms (retail goods),
2. Subscription-based content streaming services, and
3. Online travel booking portals.
Participants (n = 1,200) were stratified into three demographic clusters:
e Cluster A: Urban millennials (ages 21-34, n = 400)
e Cluster B: Mid-career professionals (ages 35-50, n = 400)
e Cluster C: Senior digital adopters (ages 51-65, n = 400)

All participants reported regular online purchasing activity and consented to behavioral data tracking in compliance with
GDPR and local privacy regulations [17].

Table 1: Participant Group Characteristics

Cluster | Age Range | Dominant Digital Usage Device Preference | Avg. Monthly Online Spend
A 21-34 E-commerce, social media Mobile-first USD 250
B 35-50 Mixed (e-commerce, streaming, travel) | Cross-device USD 400
C 51-65 Travel bookings, subscription content | Desktop-heavy USD 300

3.3 Experimental Design and Scenario Construction
A 2 x 3 factorial design was implemented:
e Personalization Intensity (2 levels):
o  Moderate Personalization: Generic category-based recommendations.

o High Personalization: Algorithmically optimized, behavior-specific recommendations using prior
clickstream and purchase history.

e Ethical Nudge Type (3 levels):
o Autonomy-supportive: Explicit emphasis on user choice (“You can explore other options if you prefer”).

o Transparency-based: Disclosure of personalization logic (“Recommended because you recently purchased
X?’)'

o No Nudge: Control condition with standard recommendations only.
Each participant was randomly assigned to one of the six experimental conditions within their demographic cluster [18].
3.4 Al Personalization Model Development

The personalization engine was built using a hybrid collaborative—content filtering framework augmented with Gradient
Boosting Machines (GBM) for purchase likelihood prediction. Feature inputs included:

e Session-level interaction metrics (click-through rate, dwell time),
e  Product similarity vectors (TF-IDF on product descriptions),
e Historical purchase recency—frequency—monetary (RFM) scores,

e Nudge type interaction variables.
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Model performance was validated using an 80-20 train—test split, achieving an average prediction accuracy of 87% and
ROC-AUC of 0.91 [19].

3.5 Ethical Nudge Implementation

Nudges were embedded within the interface’s recommendation panels. To avoid deception, all nudge text was pre-tested for
comprehension and perceived fairness in a separate pilot study (n = 50). Autonomy-supportive nudges emphasized freedom
of choice, while transparency nudges disclosed the underlying algorithmic reasoning. This aligns with best practices in digital
behavioral interventions [20].

Table 2: Ethical Nudge Types and Sample Wording

Nudge Type Sample Message Text Intended Psychological Effect

Autonomy-supportive | “You may find this useful—feel free to explore other | Enhance perceived control
categories t00.”

Transparency-based “Recommended because you purchased similar items | Build algorithmic trust
last month.”

No Nudge (control) — Baseline condition

3.6 Data Collection and Behavioral Tracking
User interactions were recorded over a four-week experimental period, capturing:
e Clickstream data (time-stamped link selections, navigation paths),
e Conversion metrics (cart additions, purchases, subscription sign-ups),
e Session length and bounce rates,
e Post-interaction survey responses (decision satisfaction, trust rating, perceived autonomy on 7-point Likert scales).

Data were collected via embedded tracking scripts and anonymized prior to analysis, following established guidelines for
online behavioral experiments [21].

3.7 Data Analysis and Statistical Techniques
Analysis involved:

1. ANOVA to assess the main and interaction effects of personalization intensity and nudge type on decision
satisfaction, trust, and conversion rate.

2. Pearson correlation between algorithmic transparency perception and trust scores.
Regression modeling to predict purchase likelihood from personalization—nudge interaction terms.

4. Sentiment analysis of open-ended feedback using a pre-trained BERT-based language model to detect concerns
related to fairness and privacy [22].

3.8 Ethical and Privacy Considerations

All procedures received clearance from the institutional ethics review board. Participants were informed about:
e The use of personalization algorithms in the study,
e The recording of behavioral data for research purposes, and
e  Their right to withdraw at any time without penalty.

The study adhered to the OECD Principles on Al and the European Commission’s Ethics Guidelines for Trustworthy
Al particularly the principles of human agency, transparency, and privacy protection [23].

4. RESULT AND ANALYSIS
4.1 Overview of Behavioral Outcomes

The experimental data revealed significant differences in decision-making outcomes across personalization intensities and
nudge types. High personalization consistently outperformed moderate personalization in terms of click-through rates
(CTR) and conversion rates, while ethical nudges moderated these effects on trust and perceived autonomy. Across the full
sample (n = 1,200), high personalization increased CTR by an average of 34% and conversion rates by 21% compared to
moderate personalization.
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Table 3: Summary of Key Behavioral Metrics by Condition

Personalization | Nudge Type | CTR (%) | Conversion Rate (%) | Avg. Decision | Perceived Trust
Level Satisfaction Autonomy Score
a-7 a-7) a-7)
Moderate No Nudge 12.4 6.8 4.9 54 4.8
Moderate Transparency | 15.6 8.2 5.2 55 5.6
Moderate Autonomy 16.1 8.9 5.8 6.1 5.7
High No Nudge 17.3 9.8 4.8 4.7 4.9
High Transparency | 22.1 11.9 54 5.0 59
High Autonomy 23.2 12.5 6.3 6.2 6.1

4.2 Effect of Personalization Intensity

The data indicated a clear main effect of personalization intensity on engagement metrics. High personalization increased
user interaction rates but also reduced perceived autonomy when no ethical nudge was provided. This suggests that while
personalization can drive short-term behavioral gains, its influence on perceived control is contingent on ethical interface
framing.

What do we mean by ethics in AlI?

Clear, consistent, and e -
understandable in its working Transparent

Allows third-parties to asses data
inputs and provide assurance that
the outputs can be trusted

Auditable
Eliminates or reduces the impact of Fai
. 7 ir
bias on certain users

Figure 1: Ethics in AI [24]

Ability to explain the workings in
language people can understand

(%)
Ability to see how results can vary with
changing inputs

Ethicsin Al |
Ethical purpose,
build, and use

4.3 Influence of Ethical Nudges

Ethical nudging had a significant positive effect on trust and decision satisfaction. Autonomy-supportive nudges yielded
the highest perceived autonomy scores across both personalization levels, while transparency nudges improved trust without
significantly altering perceived control. Notably, in the high-personalization condition, autonomy-supportive nudges offset
the drop in autonomy observed in the no-nudge scenario, bringing perceived control scores back to levels comparable with
moderate personalization.

Table 4: Incremental Change in Key Metrics Due to Nudging (Relative to No-Nudge Baseline)

Personalization Level | Nudge Type | A Decision Satisfaction | A Trust | A Perceived Autonomy
Moderate Transparency | +0.3 +0.8 +0.1
Moderate Autonomy +0.9 +0.9 +0.7
High Transparency | +0.6 +1.0 +0.3
High Autonomy +1.5 +1.2 +1.5
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4.4 Correlation Analysis

Pearson correlation coefficients highlighted strong relationships between trust and decision satisfaction (r = 0.79) and
between perceived autonomy and trust (r = 0.74). Interestingly, personalization intensity was positively correlated with
conversion rates (r = 0.68) but negatively correlated with perceived autonomy in no-nudge conditions (r =—0.41).

Table 5: Correlation Matrix of Key Variables

Variable Conversion Rate | Decision Satisfaction | Perceived Autonomy | Trust
Conversion Rate 1.00 0.65 0.29 0.36
Decision Satisfaction | 0.65 1.00 0.63 0.79
Perceived Autonomy | 0.29 0.63 1.00 0.74
Trust 0.36 0.79 0.74 1.00

4.5 Sentiment Analysis of Open Feedback

Sentiment analysis of 2,450 open-text survey responses revealed three dominant themes:
e Positive reactions (46%): Appreciation for relevant recommendations and time-saving benefits.
e Cautious optimism (34%): Users valued personalization but expressed conditional trust based on transparency.
e Negative concerns (20%): Primarily around data privacy, perceived manipulation, and “over-targeting” fatigue.

High-personalization with autonomy-supportive nudges yielded the most favorable sentiment distribution, with 62% positive
reactions and only 12% negative feedback.

O” life" Digital flatforms
rights = regulation
/ -
Law Ethics
What it is What should
forbidden to do be done
IP protection Tooling for
of Al model ? interpretable Al
Ethics
\ by design //
Al tools for CX Flghting
regulation making digital bias

0

Technology
What can be done

Figure 2: Ethics by Design [25]

4.6 Hotspot Patterns in Engagement

Engagement hotspot analysis—based on heatmaps of click activity—revealed that transparency nudges attracted attention to
the nudge text itself, while autonomy-supportive nudges shifted clicks toward the broader set of alternative recommendations.
In high-personalization scenarios, hotspots were tightly clustered around the top two algorithmically ranked items unless an
autonomy nudge was present, in which case engagement spread across a wider selection of options.
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Table 6: Engagement Hotspot Concentration Index (0 = even distribution, 1 = single item focus)

Personalization Nudge Type | Hotspot
Level Index
Moderate No Nudge 0.54
Moderate Transparenc | 0.51

y
Moderate Autonomy 0.43
High No Nudge 0.67
High Transparenc | 0.62

y
High Autonomy 0.48

4.7 Discussion of Key Findings

The results confirm that personalization and ethical nudging operate in a mutually reinforcing relationship when implemented
responsibly. High personalization without ethical safeguards risks diminishing perceived autonomy, potentially undermining
long-term consumer trust. Conversely, ethical nudges—particularly autonomy-supportive designs—can maintain or even
enhance user agency while sustaining commercial performance metrics. Transparency nudges are effective in bolstering
trust, especially in high-personalization contexts where the algorithmic decision-making process may otherwise be opaque.
These findings suggest that businesses seeking to deploy advanced personalization should integrate ethical nudging not as
an afterthought, but as a core design principle in Al-driven consumer interfaces.

5. CONCLUSION

This paper has studied the cross-section of Al-inspired personalization, ethical nudging, and the digital customer decision-
making processes combining perspectives of consumer psychology, behavioral economics, and Al ethics. We designed an
experimental study with subsequent controlled study groups (1,200 participants), with three demographic clusters analyzing
the effects of the strength of personalization and the type of nudge on such factors as consumer engagement, trust, perceived
autonomy, and satisfaction of making decisions. Current results present a theoretical and practical contribution to the
comprehension of personalization and nudging interaction in digital commerce-related settings. The evidence shows that the
high rate of personalization yields huge engagement and conversion rates than the moderate ones, which re-establishes the
worth of personalization as a commercial power house. The same data lead to the fact that without ethical protection,
excessive personalization may reduce the perceived autonomy, especially in case no nudge was given. This loss of control
does not only affect the well-being of consumers, but also the sustainability of engagement strategies that are based on Al in
the long run. The findings highlight the fact that efficiency increases brought about by personalization cannot be sought in a
vacuum view of ethical design. Ethical nudging became an essential concept, that played the role of regulating the
commercial outcomes and the consumers agency. In particular, autonomy-supportive nudges were quite predictive in
retaining the perception of control even in the case when personalization was high. This observation proves that the
perception of a recommendation based on Al can be counteracted by the development of choice architectures that will
underline consumer freedom. Transparency-based nudges, on the one hand, increased trust by explaining the rationale behind
the presentation of recommendations, which is one of the most referenced issues of concern by consumers related to Al-
mediated contexts: algorithmic opaqueness. The twofold efficacy of the two types of nudges, one of them focusing on
protecting autonomy, and the other on facilitating trust, indicates that the nudging strategy with a synergetic combination of
the two would be the most ethically sound and commercially viable. The correlation analysis also indicated a close positive
association with trust and decision satisfaction and an association between perceived autonomy and trust. This resonates with
the previous psychological theories that consider trust as the antecedent of good experiences in decision making in the
mediated world. Practically, it connotes that strategies that increase autonomy and transparency indirectly increases
consumer satisfaction and consumer loyalty, despite a moderate short term effect on conversions. The use of sentiment
analysis of the feedback of participants gave the quantitative responses qualitative depth. The theme of appreciation to the
possible suggestions of relevance and perceived time saving was in positive reactions whereas privacy and over-targeting
fatigue were the negative reactions. Notably, terms that were rated the highest among the positive/negative sentiment ratio
contained high personalization and autonomy-supportive nudges, and this demonstrates that under ethical protection, high
personalization can yield positive consumer goodwill. To conclude, the study confirms that Al personalization and ethical
nudging are not antipodes but pair of tools when being created intentionally and responsibly. It is improbable that the above
aims conflict with consumer autonomy and trust but the commercial power of personalization can be achieved. However,
other ethical values must be woven into the Al systems at the very design phase. Positioning Personalization, the future of
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organizations that want to achieve sustainable competitive advantage in the markets mediated by Al is not in maximizing
personalization regardless of the cost but also in the line to balance precision to principle. Such a balance will be a prerequisite
in the construction of sustainable consumer relationships in a time when Al no longer serves as a mere suggestion tool but a

central mediator of the digital, decision-making process.
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